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B. Schölkopf. Information-geometric approach to inferring causal directions. Artificial Intelli-
gence, 182-183:1–31, 2012

78. N. J. Hill and B. Schölkopf. An online brain-computer interface based on shifting attention to
concurrent streams of auditory stimuli. Journal of Neural Engineering, 9(2):026011, 2012

79. M. Grosse-Wentrup and B. Schölkopf. High gamma-power predicts performance in sensorimotor-
rhythm brain-computer interfaces. Journal of Neural Engineering, 9(4):046001, 2012

80. B. Sriperumbudur, K. Fukumizu, A. Gretton, B. Schölkopf, and G. Lanckriet. On the empirical
estimation of integral probability metrics. Electronic Journal of Statistics, 6:1550–1599, 2012

81. T. Kam-Thong, C-A. Azencott, L. Cayton, B. Pütz, A. Altmann, N. Karbalai, PG. Sämann,
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116. F. Jäkel, B. Schölkopf, and F. A. Wichmann. Similarity, kernels, and the triangle inequality.
Journal of Mathematical Psychology, 52(5):297–303, 2008a

117. F. Jäkel, B. Schölkopf, and F. A. Wichmann. Generalization and similarity in exemplar models
of categorization: Insights from machine learning. Psychonomic Bulletin and Review, 15(2):256–
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271, 2008b

118. S. Laubinger, G. Zeller, S. R. Henz, T. Sachsenberg, C. K. Widmer, N. Naouar, M. Vuyl-
steke, B. Schölkopf, G. Rätsch, and D. Weigel. At-TAX: a whole genome tiling array resource for
developmental expression analysis and transcript identification in Arabidopsis thaliana. Genome
Biology, 9(7: R112), 2008

119. X. Sun, D. Janzing, and B. Schölkopf. Causal reasoning by evaluating the complexity of
conditional densities with kernel methods. Neurocomputing, 71(7-9):1248–1256, 2008

120. S. Waldert, M. Bensch, M. Bogdan, W. Rosenstiel, B. Schölkopf, C. L. Lowery, H. Eswaran,
and H. Preissl. Real-time fetal heart monitoring in biomagnetic measurements using adaptive real-
time ICA. IEEE Transactions on Biomedical Engineering, 54(10):1867–1874, 2007

121. S. Sonnenburg, M. L. Braun, C. S. Ong, S. Bengio, L. Bottou, G. Holmes, Y. LeCun, K.-R.
Müller, F. Pereira, C. E. Rasmussen, G. Rätsch, B. Schölkopf, A. J. Smola, P. Vincent, J. Weston,
and R. C. Williamson. The need for open source software in machine learning. Journal of Machine
Learning Research, 8:2443–2466, 2007

122. J. H. Macke, N. Maack, R. Gupta, W. Denk, B. Schölkopf, and A. Borst. Contour-propagation
algorithms for semi-automated reconstruction of neural processes. Journal of Neuroscience Meth-
ods, 167(2):349–357, 2008

123. T. Pfingsten, D. J. L. Herrmann, T. Schnitzler, A. Feustel, and B. Schölkopf. Feature selection
for trouble shooting in complex assembly lines. IEEE Transactions on Automation Science and
Engineering, 4(3):465–469, 2007

124. G. Rätsch, S. Sonnenburg, J. Srinivasan, H. Witte, K.-R. Müller, R.-J. Sommer, and B. Schölkopf.
Improving the Caenorhabditis elegans genome annotation using machine learning. PLoS Compu-
tational Biology, 3(2, e20):0313–0322, 2007

125. R. M. Clark, G. Schweikert, C. Toomajian, S. Ossowski, G. Zeller, P. Shinn, N. Warthmann,
T. T. Hu, G. Fu, D. A. Hinds, H. Chen, K. A. Frazer, D. H. Huson, B. Schölkopf, M. Nordborg,
G. Rätsch, J. R. Ecker, and D. Weigel. Common sequence polymorphisms shaping genetic diversity
in Arabidopsis thaliana. Science, 317(5836):338–342, 2007

126. F. Jäkel, B. Schölkopf, and F. A. Wichmann. A tutorial on kernel methods for categorization.
Journal of Mathematical Psychology, 51(6):343–358, 2007

127. O. Bousquet and B. Schölkopf. Comment on “Support vector machines with applications” by
J. M. Moguerza and A. Muñoz. Statistical Science, 21(3):337–340, 2006

128. K. Borgwardt, A. Gretton, M. Rasch, H.-P. Kriegel, B. Schölkopf, and A. J. Smola. Integrating
structured biological data by kernel maximum mean discrepancy. Bioinformatics, 22(4):e49–e57,
2006

129. N. J. Hill, T. N. Lal, M. Schröder, T. Hinterberger, B. Wilhelm, F. Nijboer, U. Mochty, G. Wid-
man, C. E. Elger, B. Schölkopf, A. Kübler, and N. Birbaumer. Classifying EEG and ECoG signals
without subject training for fast BCI implementation: Comparison of non-paralysed and completely
paralysed subjects. IEEE Transactions on Neural Systems and Rehabilitation Engineering, 14
(2):183–186, 2006b

130. M. O. Franz and B. Schölkopf. A unifying view of Wiener and Volterra theory and polynomial
kernel regression. Neural Computation, 18(12):3097–3118, 2006a

131. A. B. A. Graf, F. A. Wichmann, H. H. Bülthoff, and B. Schölkopf. Classification of faces in
man and machine. Neural Computation, 18(1):143–165, 2006

132. S. Sonnenburg, G. Rätsch, C. Schäfer, and B. Schölkopf. Large scale multiple kernel learning.
Journal of Machine Learning Research, 7:1531–1565, 2006

133. A. Gretton, A. Belitski, Y. Murayama, B. Schölkopf, and N. K. Logothetis. The effect of
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artifacts on dependence measurement in fMRI. Magnetic Resonance Imaging, 24(4):401–409,
2006

134. C. Walder, B. Schölkopf, and O. Chapelle. Implicit surface modelling with a globally regu-
larised basis of compact support. Computer Graphics Forum, 25(3):635–644, 2006. (Eurograph-
ics)

135. M. Wu, B. Schölkopf, and G. H. Bakır. A direct method for building sparse kernel learning
algorithms. Journal of Machine Learning Research, 7:603–624, 2006

136. P.-H. Chen, C.-J. Lin, and B. Schölkopf. A tutorial on ν-support vector machines. Applied
Stochastic Models in Business and Industry, 21(2):111–136, 2005

137. K. Tsuda, H. Shin, and B. Schölkopf. Fast protein classification with multiple networks.
Bioinformatics, 21(Suppl. 2):59–65, 2005

138. M. Schröder, T. N. Lal, T. Hinterberger, M. Bogdan, N. J. Hill, N. Birbaumer, W. Rosenstiel,
and B. Schölkopf. Robust EEG channel selection across subjects for brain computer interfaces.
EURASIP Journal on Applied Signal Processing, 2005(19, Special Issue: Trends in Brain Com-
puter Interfaces):3103–3112, 2005

139. M. Hein, O. Bousquet, and B. Schölkopf. Maximal margin classification for metric spaces.
Journal of Computer and System Sciences, 71(3):333–359, 2005

140. G. Rätsch, S. Sonnenburg, and B. Schölkopf. RASE: recognition of alternatively spliced exons
in C. elegans. Bioinformatics, 21(Suppl. 1):i369–i377, 2005

141. M. Schmid, T. Davison, S. Henz, U. Pape, M. Demar, M. Vingron, B. Schölkopf, D. Weigel,
and J. Lohmann. A gene expression map of Arabidopsis thaliana development. Nature Genetics,
37(5):501–506, 2005

142. A. Gretton, R. Herbrich, A. J. Smola, O. Bousquet, and B. Schölkopf. Kernel methods for
measuring independence. Journal of Machine Learning Research, 6:2075–2129, 2005b

143. K. I. Kim, M. O. Franz, and B. Schölkopf. Iterative kernel principal component analysis
for image modeling. IEEE Transactions on Pattern Analysis and Machine Intelligence, 27(9):
1351–1366, 2005

144. F. Steinke, B. Schölkopf, and V. Blanz. Support vector machines for 3D shape processing.
Computer Graphics Forum, 24(3, EUROGRAPHICS 2005):285–294, 2005

145. U. von Luxburg, O. Bousquet, and B. Schölkopf. A compression approach to support vector
model selection. Journal of Machine Learning Research, 5:293–323, 2004

146. S. Romdhani, P. Torr, B. Schölkopf, and A. Blake. Efficient face detection by a cascaded
support vector machine expansion. Proceedings of The Royal Society of London A, 460(2501):
3283–3297, 2004

147. A. J. Smola and B. Schölkopf. A tutorial on support vector regression. Statistics and Com-
puting, 14(3):199–222, 2004

148. T. N. Lal, M. Schröder, T. Hinterberger, J. Weston, M. Bogdan, N. Birbaumer, and B. Schölkopf.
Support vector channel selection in BCI. IEEE Transactions on Biomedical Engineering, 51(6):
1003–1010, 2004

149. A. Chalimourda, B. Schölkopf, and A. J. Smola. Experimentally optimal ν in support vector
regression for different noise models and parameter settings. Neural Networks, 17(1):127–141,
2004. Erratum published in Neural Networks, 18(2):205

150. H. Fröhlich, O. Chapelle, and B. Schölkopf. Feature selection for support vector machines
using genetic algorithms. International Journal on Artificial Intelligence Tools (Special Issue
with Selected Papers from the 15th IEEE International Conference on Tools with Artificial In-
telligence 2003), 13(4):791–800, 2004
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151. S. Mika, G. Rätsch, J. Weston, B. Schölkopf, A. J. Smola, and K.-R. Müller. Constructing
descriptive and discriminative non-linear features: Rayleigh coefficients in kernel feature spaces.
IEEE Transactions on Pattern Analysis and Machine Intelligence, 25(5):623–628, 2003

152. B. Schölkopf. Statistical learning theory, capacity and complexity. Complexity, 8(4):87–94,
2003b

153. J. Weston, A. Elisseeff, B. Schölkopf, and M. Tipping. Use of the zero-norm with linear
models and kernel methods. Journal of Machine Learning Research, 3:1439–1461, 2003b

154. J. Weston, F. Pérez-Cruz, O. Bousquet, O. Chapelle, A. Elisseeff, and B. Schölkopf. Feature
selection and transduction for prediction of molecular bioactivity for drug design. Bioinformatics,
19(6):764–771, 2003c

155. J. Weston, B. Schölkopf, E. Eskin, C. Leslie, and W. S. Noble. Dealing with large diagonals
in kernel matrices. Annals of the Institute of Statistical Mathematics, 55(2):391–408, 2003d

156. N. Cristianini and B. Schölkopf. Support vector machines and kernel methods: The new
generation of learning machines. AI Magazine, 23(3):31–41, 2002

157. D. DeCoste and B. Schölkopf. Training invariant support vector machines. Machine Learn-
ing, 46(1-3):161–190, 2002

158. G. Rätsch, S. Mika, B. Schölkopf, and K.-R. Müller. Constructing boosting algorithms from
SVMs: an application to one-class classification. IEEE Transactions on Pattern Analysis and
Machine Intelligence, 24(9):1184–1199, 2002

159. K.-R. Müller, S. Mika, G. Rätsch, K. Tsuda, and B. Schölkopf. An introduction to kernel-
based learning algorithms. IEEE Transactions on Neural Networks, 12(2):181–201, 2001

160. B. Schölkopf, J. C. Platt, J. Shawe-Taylor, A. J. Smola, and R. C. Williamson. Estimating the
support of a high-dimensional distribution. Neural Computation, 13(7):1443–1471, 2001b

161. A. J. Smola, S. Mika, B. Schölkopf, and R. C. Williamson. Regularized principal manifolds.
Journal of Machine Learning Research, 1:179–209, 2001

162. R. C. Williamson, A. J. Smola, and B. Schölkopf. Generalization performance of regular-
ization networks and support vector machines via entropy numbers of compact operators. IEEE
Transactions on Information Theory, 47(6):2516–2532, 2001

163. A. Zien, G. Rätsch, S. Mika, B. Schölkopf, T. Lengauer, and K.-R. Müller. Engineering
support vector machine kernels that recognize translation initiation sites. Bioinformatics, 16(9):
799–807, 2000

164. B. Schölkopf, A. J. Smola, R. C. Williamson, and P. L. Bartlett. New support vector algo-
rithms. Neural Computation, 12(5):1207–1245, 2000a

165. B. Schölkopf, S. Mika, C. J. C. Burges, P. Knirsch, K.-R. Müller, G. Rätsch, and A. J. Smola.
Input space versus feature space in kernel-based methods. IEEE Transactions on Neural Net-
works, 10(5):1000–1017, 1999c

166. B. Schölkopf, K.-R. Müller, and A. J. Smola. Lernen mit Kernen — Support-Vektor-Methoden
zur Analyse hochdimensionaler Daten. Informatik Forschung und Entwicklung, 14(3):154–163,
1999d

167. B. Schölkopf. SVMs — a practical consequence of learning theory. IEEE Intelligent Systems,
13(4):18–21, 1998b

168. A. J. Smola, B. Schölkopf, and K.-R. Müller. The connection between regularization operators
and support vector kernels. Neural Networks, 11(4):637–649, 1998d

169. B. Schölkopf, A. J. Smola, and K.-R. Müller. Nonlinear component analysis as a kernel
eigenvalue problem. Neural Computation, 10(5):1299–1319, 1998e
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170. B. Schölkopf. The moon tilt illusion. Perception, 27(10):1229–1232, 1998c

171. M. O. Franz, B. Schölkopf, and H. H. Bülthoff. Where did I take that snapshot? Scene-based
homing by image matching. Biological Cybernetics, 79:191–202, 1998a

172. M. O. Franz, B. Schölkopf, H. A. Mallot, and H. H. Bülthoff. Learning view graphs for robot
navigation. Autonomous Robots, 5(1):111–125, 1998b

173. M. A. Hearst, S. T. Dumais, E. Osman, J. Platt, and B. Schölkopf. Support vector machines.
IEEE Intelligent Systems and their Applications, 13(4):18–28, 1998

174. B. Schölkopf, K. Sung, C. J. C. Burges, F. Girosi, P. Niyogi, T. Poggio, and V. Vapnik.
Comparing support vector machines with Gaussian kernels to radial basis function classifiers. IEEE
Transactions on Signal Processing, 45(11):2758–2765, 1997b

175. A. J. Smola and B. Schölkopf. On a kernel-based method for pattern recognition, regression,
approximation and operator inversion. Algorithmica, 22(1-2):211–231, 1998a

176. B. Schölkopf and H. A. Mallot. View-based cognitive mapping and path planning. Adaptive
Behavior, 3(3):311–348, 1995

Book Chapters

177. D. Janzing, B. Steudel, N. Shajarisales, and B. Schölkopf. Justifying information-geometric
causal inference. In Measures of Complexity: Festschrift for Alexey Chervonenkis, pages 253–
265. Springer, 2015

178. G. Charpiat, M. Hofmann, and B. Schölkopf. Kernel methods in medical imaging. In N. Para-
gios, J. Duncan, and N. Ayache, editors, Handbook of Biomedical Imaging, chapter 4, pages 63–
81. Springer, Berlin, Germany, 2015

179. K. Zhang, B. Schölkopf, K. Muandet, Z. Wang, Z. Zhou, and C. Persello. Single-source
domain adaptation with target and conditional shift. In J. A. K. Suykens, M. Signoretto, and A. Ar-
gyriou, editors, Regularization, Optimization, Kernels, and Support Vector Machines, pages 427–
456. Chapman and Hall/CRC, Boca Raton, USA, 2014

180. M. Grosse-Wentrup and B. Schölkopf. A review of performance variations in SMR-based
brain-computer interfaces (BCIs). In C. Guger, B. Z. Allison, and G. Edlinger, editors, Brain-
Computer Interface Research, SpringerBriefs in Electrical and Computer Engineering, chapter 4,
pages 39–51. Springer Berlin Heidelberg, 2013

181. B. Schölkopf, D. Janzing, J. Peters, E. Sgouritsa, K. Zhang, and J. Mooij. Semi-supervised
learning in causal and anticausal settings. In B. Schölkopf, Z. Luo, and V. Vovk, editors, Empirical
Inference, Festschrift in Honor of Vladimir Vapnik, chapter 13, pages 129–141. Springer-Verlag,
2013a

182. U. von Luxburg and B. Schölkopf. Statistical learning theory: Models, concepts, and results.
In D. M. Gabbay, S. Hartmann, and J. Woods, editors, Handbook of the History of Logic, volume
10 (Inductive Logic), pages 661–706. Elsevier North Holland, Amsterdam, Netherlands, 2011

183. G. Charpiat, I. Bezrukov, M. Hofmann, Y. Altun, and B. Schölkopf. Machine learning methods
for automatic image colorization. In R. Lukac, editor, Computational Photography: Methods and
Applications, pages 395–418. CRC Press, Boca Raton, FL, USA, 2011

184. C. Walder, M. Breidt, H. H. Bülthoff, B. Schölkopf, and C. Curio. Markerless tracking of
dynamic 3d scans of faces. In C. Curio, H. H. Bülthoff, and M. A. Giese, editors, Dynamic Faces:
Insights from Experiments and Computation, pages 255–276. MIT Press, Cambridge, MA, 2010

185. P. V. Gehler and B. Schölkopf. An introduction to kernel learning algorithms. In G. Camps-
Valls and L. Bruzzone, editors, Kernel Methods for Remote Sensing Data Analysis, pages 25–48.
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Wiley, New York, NY, USA, 2009

186. A. Gretton, A. J. Smola, J. Huang, M. Schmittfull, K. Borgwardt, and B. Schölkopf. Covariate
shift by kernel mean matching. In J. Quiñonero Candela, M. Sugiyama, A. Schwaighofer, and N. D.
Lawrence, editors, Dataset Shift in Machine Learning, pages 131–160. MIT Press, Cambridge,
MA, USA, 2009

187. N. J. Hill, T. N. Lal, M. Tangermann, T. Hinterberger, G. Widman, C. E. Elger, B. Schölkopf,
and N. Birbaumer. Classifying event-related desynchronization in EEG, ECoG and MEG signals. In
G. Dornhege, J. del R. Millán, T. Hinterberger, D. J. McFarland, and K.-R. Müller, editors, Toward
Brain-Computer Interfacing, pages 235–260. MIT Press, Cambridge, MA, USA, 2007

188. G. H. Bakır, B. Schölkopf, and J. Weston. On the pre-image problem in kernel methods.
In G. Camps-Valls, J. L. Rojo-Álvarez, and M. Martı́nez-Ramón, editors, Kernel Methods in Bio-
engineering, Signal and Image Processing, pages 284–302. Idea Group Publishing, Hershey, PA,
USA, 2007b

189. J. Weston, G. H. Bakir, O. Bousquet, T. Mann, W. S. Noble, and B. Schölkopf. Joint kernel
maps. In G. H. Bakir, T. Hofmann, B. Schölkopf, A. J. Smola, B. Taskar, and SVN Vishwanathan,
editors, Predicting Structured Data, Advances in neural information processing systems, pages
67–84. MIT Press, Cambridge, MA, USA, 2007

190. T. Hinterberger, F. Nijboer, A. Kübler, T. Matuz, A. Furdea, U. Mochty, M. Jordan, T. N.
Lal, N. J. Hill, J. Mellinger, M. Bensch, M. Tangermann, G. Widman, C. E. Elger, W. Rosenstiel,
B. Schölkopf, and N. Birbaumer. Brain-computer interfaces for communication in paralysis: a clin-
ical experimental approach. In G. Dornhege, J. del R. Millán, T. Hinterberger, D. J. McFarland, and
K.-R. Müller, editors, Toward Brain-Computer Interfacing, pages 43–64. MIT Press, Cambridge,
MA, USA, 2007

191. T. N. Lal, O. Chapelle, and B. Schölkopf. Combining a filter method with SVMs. In I. Guyon,
M. Nikravesh, S. Gunn, and L. A. Zadeh, editors, Feature Extraction: Foundations and Applica-
tions, volume 207 of Studies in Fuzziness and Soft Computing, pages 439–446. Springer, Berlin,
2006

192. B. Schölkopf and A. J. Smola. Support vector machines and kernel algorithms. In P. Armitage
and T. Colton, editors, Encyclopedia of Biostatistics, volume 8, pages 5328–5335. John Wiley &
Sons, NY, USA, 2005

193. B. Schölkopf and A. J. Smola. Support vector machines. In M. Arbib, editor, Handbook of
Brain Theory and Neural Networks, pages 1119–1125. MIT Press, Cambridge, MA, USA, 2nd
edition, 2003b

194. F. Pérez-Cruz, J. Weston, D. J. L. Herrmann, and B. Schölkopf. Extension of the ν-SVM
range for classification. In J. Suykens, G. Horvath, S. Basu, C. Micchelli, and J. Vandewalle,
editors, Advances in Learning Theory: Methods, Models and Applications, volume 190 of NATO
Science Series III: Computer and Systems Sciences, pages 179–196. IOS Press, Amsterdam, 2003

195. B. Schölkopf and A. J. Smola. A short introduction to learning with kernels. In S. Mendelson
and A. J. Smola, editors, Proceedings of the Machine Learning Summer School, volume 2600 of
Lecture Notes in Artificial Intelligence, pages 41–64. Springer, Berlin, 2003a

196. A. Navia-Vázquez and B. Schölkopf. Statistical learning and kernel methods. In R. Kühn,
R. Menzel, W. Menzel, U. Ratsch, M. M. Richter, and I.-O. Stamatescu, editors, Adaptivity and
Learning — An Interdisciplinary Debate, pages 161–186. Springer, Berlin, 2003

197. B. Schölkopf, I. Guyon, and J. Weston. Statistical learning and kernel methods in bioinfor-
matics. In P. Frasconi and R. Shamir, editors, Artificial Intelligence and Heuristic Methods in
Bioinformatics, volume 183 of NATO Science Series, III: Computer and Systems Sciences. IOS
Press, Amsterdam, The Netherlands, 2003
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198. B. Schölkopf. An introduction to support vector machines. In M. G. Akritas and D. N.
Politis, editors, Recent Advances and Trends in Nonparametric Statistics, pages 3–17. Elsevier,
Amsterdam, The Netherlands, 2003a

199. A. J. Smola and B. Schölkopf. Bayesian kernel methods. In S. Mendelson and A. J. Smola,
editors, Proceedings of the Machine Learning Summer School, volume 2600 of Lecture Notes in
Artificial Intelligence, pages 65–117. Springer, Berlin, 2003

200. N. Oliver, B. Schölkopf, and A. J. Smola. Natural regularization from generative models. In
A. J. Smola, P. J. Bartlett, B. Schölkopf, and D. Schuurmans, editors, Advances in Large Margin
Classifiers, pages 51–60. MIT Press, Cambridge, MA, USA, 2000

201. G. Rätsch, B. Schölkopf, A. J. Smola, S. Mika, T. Onoda, and K.-R. Müller. Robust ensemble
learning. In A. J. Smola, P. J. Bartlett, B. Schölkopf, and D. Schuurmans, editors, Advances in
Large Margin Classifiers, pages 207–220. MIT Press, Cambridge, MA, USA, 2000a

202. A. J. Smola, A. Elisseeff, B. Schölkopf, and R. C. Williamson. Entropy numbers for convex
combinations and MLPs. In A. J. Smola, P. L. Bartlett, B. Schölkopf, and D. Schuurmans, editors,
Advances in Large Margin Classifiers, pages 369–387. MIT Press, Cambridge, MA, USA, 2000b

203. K.-R. Müller, S. Mika, G. Rätsch, K. Tsuda, and B. Schölkopf. An introduction to kernel-
based learning algorithms. In Y. H. Hu and J.-N. Hwang, editors, Handbook of Neural Network
Signal Processing. CRC Press, 2000

204. B. Schölkopf. Statistical learning and kernel methods. In G. Della Riccia, H.-J. Lenz, and
R. Kruse, editors, CISM Courses and Lectures, International Centre for Mechanical Sciences,
volume 431, pages 3–24. Springer, Vienna, 2000

205. B. Schölkopf. Support-Vektor-Lernen. In G. Hotz, H. Fiedler, P. Gorny, W. Grass, S. Hölldobler,
I. O. Kerner, and R. Reischuk, editors, Ausgezeichnete Informatikdissertationen 1997, pages 135–
150. Teubner Verlag, Stuttgart, Germany, 1998a

206. B. Schölkopf. Künstliches Lernen. In S. Bornholdt and P. H. Feindt, editors, Komplexe adap-
tive Systeme, Forum für Interdisziplinäre Forschung, volume 15, pages 93–117. Röll, Dettelbach,
Germany, 1996

Conference Papers

207. F. Locatello, S. Bauer, M. Lucic, G. Raetsch, S. Gelly, B. Schölkopf, and O. Bachem. Chal-
lenging common assumptions in the unsupervised learning of disentangled representations. In
Proceedings of the 36th International Conference on Machine Learning (ICML), volume 97 of
Proceedings of Machine Learning Research, pages 4114–4124, 2019. Best paper award

208. G. Abbati*, P. Wenk*, M. A. Osborne, A. Krause, B. Schölkopf, and S. Bauer. AReS and
MaRS adversarial and MMD-minimizing regression for SDEs. In Proceedings of the 36th In-
ternational Conference on Machine Learning (ICML), volume 97 of Proceedings of Machine
Learning Research, pages 1–10, 2019. *equal contribution

209. W. Jitkrittum*, P. Sangkloy*, M. W. Gondal, A. Raj, J. Hays, and B. Schölkopf. Kernel mean
matching for content addressability of gans. In Proceedings of the 36th International Conference
on Machine Learning (ICML), volume 97 of Proceedings of Machine Learning Research, pages
3140–3151, 2019. *equal contribution

210. C.-J. Simon-Gabriel, Y. Ollivier, L. Bottou, B. Schölkopf, and D. Lopez-Paz. First-order
adversarial vulnerability of neural networks and input dimension. In Proceedings of the 36th
International Conference on Machine Learning (ICML), volume 97 of Proceedings of Machine
Learning Research, pages 5809–5817, 2019
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211. R. Suter, D. Miladinovic, B. Schölkopf, and S. Bauer. Robustly disentangled causal mech-
anisms: Validating deep representations for interventional robustness. In Proceedings of the 36th
International Conference on Machine Learning (ICML), volume 97 of Proceedings of Machine
Learning Research, pages 6056–6065, 2019

212. P. Geiger, M. Besserve, J. Winkelmann, C. Proissl, and B. Schölkopf. Coordinating users of
shared facilities via predictive assistants: Algorithms and game-theoretic analysis. In Proceedings
of the 35th Conference on Uncertainty in Artificial Intelligence (UAI), 2019

213. L. Gresele, P. Rubenstein, A. Mehrjou, Locatello F., and B. Schölkopf. The incomplete
rosetta stone problem: Identifiability results for multi-view nonlinear ica. In Proceedings of the
35th Conference on Uncertainty in Artificial Intelligence (UAI), 2019

214. M. R. Hohmann, M. Hackl, B. Wirth, T. Zaman, R. Enficiaud, M. Grosse-Wentrup, and
B. Schölkopf. Mynd: A platform for large-scale neuroscientific studies. In Proceedings of the
2019 Conference on Human Factors in Computing Systems (CHI), 2019

215. A. Neitz, G. Parascandolo, S. Bauer, and B. Schölkopf. Adaptive skip intervals: Temporal ab-
straction for recurrent dynamical models. In Advances in Neural Information Processing Systems
31, pages 9838–9848. Curran Associates, Inc., December 2018

216. W. Jitkrittum, H. Kanagawa, P. Sangkloy, J. Hays, B. Schölkopf, and A. Gretton. Informative
features for model comparison. In Advances in Neural Information Processing Systems 31, pages
816–827. Curran Associates, Inc., December 2018

217. F. Solowjow, A. Mehrjou, B. Schölkopf, and S. Trimpe. Efficient encoding of dynamical
systems through local approximations. In Proceedings of the 57th IEEE International Conference
on Decision and Control (CDC), pages 6073 – 6079, Miami, Fl, USA, 2018

218. T. H. Kim, M. S. M. Sajjadi, M. Hirsch, and B. Schölkopf. Spatio-temporal transformer
network for video restoration. In 15th European Conference on Computer Vision (ECCV), Part
III, volume 11207 of Lecture Notes in Computer Science, pages 111–127. Springer, 2018b

219. P. K. Rubenstein, S. Bongers, B. Schölkopf, and J. M. Mooij. From deterministic ODEs
to dynamic structural causal models. In Proceedings of the 34th Conference on Uncertainty in
Artificial Intelligence (UAI), August 2018

220. B. Huang, K. Zhang, Y. Lin, B. Schölkopf, and Glymour C. Generalized score functions for
causal discovery. In Proceedings of the 24th ACM SIGKDD Conference on Knowledge Discovery
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M. Jaggi. On matching pursuit and coordinate descent. In Proceedings of the 35th International
Conference on Machine Learning (ICML), volume 80 of Proceedings of Machine Learning Re-

14



search, pages 3204–3213. PMLR, July 2018b

226. F. Locatello, A. Raj, S. Praneeth Karimireddy, G. Rätsch, B. Schölkopf, S. U. Stich, and
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M. Synofzik, B. Schölkopf, L. Schöls, and M. Grosse-Wentrup. A cognitive brain-computer in-
terface for patients with amyotrophic lateral sclerosis. In Proceedings of the IEEE International
Conference on Systems, Man, and Cybernetics, pages 3187–3191, 2015

272. K. Muandet, B. Sriperumbudur, and B. Schölkopf. Kernel mean estimation via spectral filter-
ing. In Z. Ghahramani, M. Welling, C. Cortes, N.D. Lawrence, and K.Q. Weinberger, editors, Ad-
vances in Neural Information Processing Systems 27, pages 1–9. Curran Associates, Inc., 2014b

273. L. C. Pickup, Z. Pan, D. Wei, Y. Shih, C. Zhang, A. Zisserman, B. Schölkopf, and W. T.
Freeman. Seeing the arrow of time. In Computer Vision and Pattern Recognition (CVPR), 2014

274. M. Gomez-Rodriguez, K. Gummadi, and B. Schölkopf. Quantifying information overload
in social media and its impact on social contagions. In Proceedings of the Eighth International
Conference on Weblogs and Social Media, pages 170–179. AAAI Press, 2014a

275. K. Muandet, K. Fukumizu, B. Sriperumbudur, A. Gretton, and B. Schölkopf. Kernel mean es-
timation and Stein effect. In E. P. Xing and T. Jebara, editors, Proceedings of the 31st International
Conference on Machine Learning, volume 32 of JMLR Workshop and Conference Proceedings,
pages 10–18, 2014a

276. D. Lopez-Paz, S. Sra, A. Smola, Z. Ghahramani, and B. Schölkopf. Randomized nonlinear
component analysis. In E. P. Xing and T. Jebara, editors, Proceedings of the 31st International
Conference on Machine Learning, volume 32 of JMLR Workshop and Conference Proceedings,
pages 1359–1367, 2014

277. H. Daneshmand, M. Gomez-Rodriguez, L. Song, and B. Schölkopf. Estimating diffusion
network structures: Recovery conditions, sample complexity & soft-thresholding algorithm. In
E. P. Xing and T. Jebara, editors, Proceedings of the 31st International Conference on Machine
Learning, volume 32 of JMLR Workshop and Conference Proceedings, pages 793–801, 2014

278. S. Kpotufe, E. Sgouritsa, D. Janzing, and B. Schölkopf. Consistency of causal inference under
the additive noise model. In E. P. Xing and T. Jebara, editors, Proceedings of the 31st International
Conference on Machine Learning, volume 32 of JMLR Workshop and Conference Proceedings,
pages 478–495, 2014

279. S. Weichwald, B. Schölkopf, T. Ball, and M. Grosse-Wentrup. Causal and anti-causal learning
in pattern recognition for neuroimaging. In 4th International Workshop on Pattern Recognition
in Neuroimaging (PRNI). IEEE, 2014b

280. S. Weichwald, T. Meyer, B. Schölkopf, T. Ball, and M. Grosse-Wentrup. Decoding index
finger position from EEG using random forests. In 4th International Workshop on Cognitive
Information Processing (CIP). IEEE, 2014a. Best student paper award

281. R. Chaves, L. Luft, T.O. Maciel, D. Gross, D. Janzing, and B. Schölkopf. Inferring latent
structures via information inequalities. In N. L. Zhang and J. Tian, editors, Proceedings of the
30th Conference on Uncertainty in Artificial Intelligence, pages 112–121, Corvallis, OR, 2014.
AUAI Press

282. G. Doran, K. Muandet, K. Zhang, and B. Schölkopf. A permutation-based kernel conditional
independence test. In N. L. Zhang and J. Tian, editors, Proceedings of the 30th Conference on

18



Uncertainty in Artificial Intelligence, pages 132–141, Corvallis, OR, 2014. AUAI Press

283. P. Geiger, D. Janzing, and B. Schölkopf. Estimating causal effects by bounding confound-
ing. In N. L. Zhang and J. Tian, editors, Proceedings of the 30th Conference on Uncertainty in
Artificial Intelligence, pages 240–249, Corvallis, OR, 2014. AUAI Press
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W. von Seelen, J. C. Vorbrüggen, and B. Sendhoff, editors, International Conference on Artificial
Neural Networks, volume 1112 of Lecture Notes in Computer Science, pages 251–256, Berlin,
1996. Springer

473. H. A. Mallot, H. H. Bülthoff, P. Georg, B. Schölkopf, and K. Yasuhara. View-based cognitive
map learning by an autonomous robot. In F. Fogelman-Soulié, editor, Proceedings International
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selection in a support vector machine using feature ranking. United States Patent, No 7805388,
filed 30.10.2007, published 25.9.2008, issued 28.9.2010

484. P. L. Bartlett, A. Elisseeff, B. Schoelkopf, and O. Chapelle. Kernels and methods for selecting
kernels for use in learning machines. United States Patent, No 7788193, filed 30.10.2007, published
4.12.2008, issued 31.8.2010

485. J. A. E. Weston, A. Elisseeff, B. Schoelkopf, and F. Pérez-Cruz. Methods for feature selection
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